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1.1 Project

Related information can be found in another document.
1.2 Revision
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ﬁﬁ&bﬂ:

-Cleaning, integration, reduction, transformation and discretization
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HHEIHZ): smoothing; feature/attribute construction; aggregation; normalization; discretization
-z-score normalization: v’ = (v-u)/ o

-Positively skewed data mode<median<mean
-Negatively skewed data mode>median>mean

-Quartiles: Qi 25 43N/, Q3 75 70N



-Inter-quartile range: IQR=Q3-Q1
-Five number summary: min, Q;, median, Qs, max
-histograms often tell more than boxplots
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BRER:

-(absolute) support, or, support count of X: Frequency or occurrence of an itemset X

-(relative) support, s, is the fraction of transactions that contains X (i.e., the probability that a
transaction contains X)
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-Closed pattern, VA FIXANSCHEE —FE H A1 pattern

-Max pattern, ¥AH B FTXNHFIMNE pattern |

-Apriori:
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Conditional pattern bases m-conditional pattern base:
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item cond. pattern base
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Info(D) = I(Y, N)=- piloga(pi)

HIE(5 B Infoa(D)= X |D;|/|D|*Info(D;)

Gain(A)= Info(D)- InfoA(D) % K
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Splitinfoa(D)= -2 (|D;|/|D{)*( logz(|D;| /D))

GainRatio(A)=Gain(A)/Splitinfo(A)
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Gini(D)=1-X p;?

Ginia(D)=|D1|/|D|gini(D1) +|D2|/| D|gini(D2)

Agini(A)=gini(D)-ginia(D)
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Naive Bayesian
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HEFIR: (TP+TN)/(P+N) = T/A
FERA. (FP+FN)/(P+N) = F/A
HUKSE: TP/P
R TN/N
K% : TP/(TP+FP) = TP/P
Al TP/(TP+FN)
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F-score = F;
ROC Curves: Z\f TP #i4h FP 5L area=1
PRI ST G (KA AD . Bt (FUMEFIGR(ED . AI#RIE (efficiency in
disk-resident databases). ] fiiR
K3 : holdout TRFEFTTIEFIBENL — IRHIFE/k-FT52 XERAIE, 77 k A, —IREZEHE | D HILE,
BB R G 1N 040, |t]>z 7T DB E A R %
ar(M,) — ar(M,)

{ =
Jvar(M, — M,)/k
TPR =TP/P FPR = FP/N = 1-specificity
ROC Hhi £k 27~ TPR A1 FPR 2 [A]FRIA A

Cluster: JS[AIILIS ik

K ¥ O(tkn),k ¥ME R AEH THESE, KA, TFEME k, XS A 2 BUk,
ANE GBI EHES

{EIERIGE S0, BN R Z ARG, MR RO E BT EIE O, DA RHE . Xt
TR RUBURR O(nkt) AT RE SRy B 1 o
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0 otherwise.

k k

Mty D D Tl = Bl

{n=1} {k=1}
N

2 Z "ni.’(xn - F‘Ll;) =0
n=1

= Zn 'nkXn
e S
Z-n 'nk

- K oL AL (PAMD: O(k(n-k)2) BB IERLEF, WMFREE Xk, XN EIREA R, KRBT

B B L3 A A m T SEARY

HFAEAL:
HWRRKILG .

wixi+b21 ifyi=1



wixi+b<s-1  ify;=-1
Vi (WTXi + b) 21
A A 4 T A0

wx+ b
r=y——

vl

.....

P
o M s

1 ! !
1 2 T
Lp=glwl*+ ;:1 o — (sz aiyiw xi —b é aiyi

w =X a;yXi b:yk_ WTXk
fx) = Zayxi"™x + b

e EIP=R

P
fx) = a0+zaixi =ayta’x
i=1

~ . 2
a = argmin Z?:l(yi - xiT“) 350

min,RSS(a)=(y-Xa)"(y-Xa)

ORSS .

a - =2X'"(y — Xa)
X"(y—Xa)=0

e XX dF&Fa = (X" X) "' X"y
y = Xa=X(X"X)"1X"y

Ridge Regression:
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Lasso:
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